
Human Interactions with 
Artificial Intelligences: 
Research Agendas for 
Education, Health, Creative 
Expression, and Governance
Brian Southwell, Lee Rainie, Katie Bowler Young, Maria 
Gallardo-Williams, Tony Kipkemboi, Jim Redden, 
Matthew Strobl, Jon Accarrino, Evan Bunnage, Robert 
Chew, Schuyler DeBree, Heather Griffiths, Haley 
Hickman, Rachel Levy, Selena Monk, Rachel Page, 
Jessica Reif, Rebecca Ivic, and Elizabeth Mannshardt



©2026 RTI International. RTI International is a trade name of Research Triangle Institute. RTI, RTI Press, and the 
RTI logo are U.S. registered trademarks of Research Triangle Institute. Use of RTI Press publications for text and 
data mining, AI training, and similar technologies is prohibited without RTI’s express written permission.

This work is distributed under the terms of a Creative Commons Attribution-
NonCommercial-NoDerivatives 4.0 license (CC BY-NC-ND), a copy of which is 
available at https://creativecommons.org/licenses/by-nc-nd/4.0

RTI International 
3040 East Cornwallis Road  
Durham, NC  
NC 27713-2852

Tel: +1.919.541.6000  
E-mail: rtipress@rti.org  
Website: www.rti.org https://doi.org/10.3768/rtipress.2026.op.0100.2603 www.rti.org/rti-press

Cover photo: Siobahn Day Grady, Melissa Hodge-Penn, and Rachel (Ray) Levy at the September 2025 summit 
entitled The Human Edge: Our Future with Artificial Intelligences in Research Triangle Park, NC. Photo credit: 
Markeith Gentry, RTI International.

Suggested Citation 

Southwell, B., Rainie, L., Bowler Young, K., Gallardo-Williams, M., Kipkemboi, T., Redden, 
J., Strobl, M., Accarrino, J., Bunnage, E., Chew, R., DeBree, S., Griffiths, H., Hickman, H., 
Levy, R., Monk, S., Page, R., Reif, J., Ivic, R., and Mannshardt, E. (2026). Human interactions 
with artificial intelligences: Research agendas for education, health, creative expression, and 
governance. RTI Press Publication No. OP-0100-2603. RTI Press. https://doi.org/10.3768/
rtipress.2026.op.0100.2603

This publication is part of the RTI 
Press Occasional Paper series.

RTI Press publication OP-0100-2603

RTI International is an independent scientific research institute dedicated to improving 
the human condition. The RTI Press mission is to disseminate information about 
RTI research, analytic tools, and technical expertise to a global audience. RTI Press 
publications are peer-reviewed by at least two independent substantive experts and 
one or more Press editors.

https://creativecommons.org/licenses/by-nc-nd/4.0
mailto:rtipress@rti.org?subject=
http://www.rti.org
https://doi.org/10.3768/rtipress.2026.op.0100.2603
https://www.rti.org/rtipress
https://doi.org/10.3768/rtipress.2026.op.0100.2603
https://doi.org/10.3768/rtipress.2026.op.0100.2603


Contents
About the Authors iii
Acknowledgments iv

Abstract iv

Introduction 1

Results from Four Approaches to Synthesis 2

Conclusions 8

Data Availability Statement 8

References 9

Appendix A. Acknowledgements of Group Discussion 
Participants, Manuscript Advisors, and Select  
Event Staff 9

Appendix B. Process Descriptions and Reflections from 
Four Approaches to Synthesis 10

About the Authors
Brian Southwell, PhD, distinguished fellow, RTI 
International. https://orcid.org/0000-0001-5091-
8782 (bsouthwell@rti.org)

Lee Rainie, MA, director, Imagining the Digital 
Future Center, Elon University

Katie Bowler Young, MFA, senior director, 
University Collaborations, RTI International

Maria Gallardo-Williams, PhD, director of 
faculty development and alumni association 
distinguished undergraduate professor, North 
Carolina State University

Tony Kipkemboi, BS, staff AI operations 
engineer, Guild

Jim Redden, BS, director, Technology and AI 
Automation, RTI International 

Matthew Strobl, MBA, MA, founding principal, 
Trailhead Advisory, LLC

Jon Accarrino, BS, founder, Ordo Digital

Evan Bunnage, BS, software applications 
programmer, RTI International

Robert Chew, MS, senior research data scientist 
& fellow, RTI International

Schuyler DeBree, BA, communication 
strategist, RTI International

Heather Griffiths, PhD, associate professor, 
Fayetteville State University

Haley Hickman, MLS, executive assistant, 
Institute for Artificial Intelligence and Emerging 
Research, North Carolina Central University

Rachel (Ray) Levy, PhD, executive director of 
Data Science and AI Academy and professor of 
mathematics, North Carolina State University

Selena Monk, DHSc, instructor, public health 
education and health administration, North 
Carolina Central University

Rachel Page, MPH, deputy director, Global NC

Jessica Reif, BS, PhD candidate, Fuqua School of 
Business, Duke University

Rebecca Ivic, PhD, associate dean of research, 
scholarship, and creative activity and professor, 
College of Communication and Information 
Sciences, University of Alabama

Elizabeth Mannshardt, PhD, vice president and 
director, Statistics and Data Science Center, Westat

RTI Press Associate Editor
Cynthia Bland

https://orcid.org/0000-0001-5091-8782
https://orcid.org/0000-0001-5091-8782
mailto:bsouthwell@rti.org


Acknowledgments
The Imagining the Digital Future 
Center at Elon University and RTI 
International’s Fellows Program and 
University Collaborations Office 
organized The Human Edge: Our 
Future with Artificial Intelligences, 
the convening described in this 
paper, with support from Burroughs 
Wellcome Fund, the Knight 
Foundation, and Schmidt Sciences. 
We are grateful for comments from 
two anonymous reviewers whose 
feedback substantially improved the 
paper, editing support from Claire 
Korzen, and graphics support from 
Nunzio Landi. 

Abstract
Although organizations are developing and applying artificial intelligence (AI) 
technologies in many domains, such as education, health, creative expression, and 
governance, organizations do not yet collectively agree on useful research questions 
to guide future inquiry about roles for humans amidst AI. We need empirical 
evidence comparing different technologies and approaches and assessing both 
intended effects and unintended consequences. In this paper, we present both 
substantive findings and methodological lessons learned to illustrate how human 
and AI-enabled processes together can inform agenda-setting in emerging areas 
of inquiry. We also spotlight key questions we should be asking about roles for 
humans amidst societal changes involving AI. We designed and implemented a 
network-building and agenda-generating effort in fall 2025 to generate key research 
questions. As part of a hybrid online and in-person event involving nearly 500 
participants, 178 in-person attendees participated in one of 23 in-person discussion 
groups, each moderated by a facilitator with social science research experience and 
group interviewing skills. Following the discussions, multiple teams of analysts used 
AI tools and group discussion to summarize key questions from the convening. 
Across teams, recurring dilemmas, opportunities, and questions emerged, including 
questions involving comparisons and tradeoffs among different goals for AI use, 
variations in how people may experience or be affected by AI, and how to optimize 
human-AI interactions to accomplish tasks. Iterative review and human judgment at 
multiple stages demonstrated value in all analyses, regardless of the specific AI tools 
employed, illustrating how human-in-the-loop design can be useful. 
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Introduction

Despite a flurry of headlines regarding the arrival 
of technologies involving various forms of artificial 
intelligence (AI), public discourse has not focused 
extensively on ethical and logistical questions about 
human interactions with the range of new entities 
that likely will emerge in the coming decades, as 
Boyle (2024) notes in The Line: AI and the Future 
of Personhood. Commentators have celebrated, 
bemoaned, and speculated about the arrival of 
AI, and recent public opinion research suggests 
widespread popular concern about the adoption of 
AI tools (Rainie & Anderson, 2025). Some editorials 
and review papers to date have focused on emerging 
technical issues specific to topical domains without 
consideration of what kinds of questions could and 
should be asked about human choices, agency, and 
opportunities. In other cases, we can find broad 
philosophical exploration about the nature of humans 
and technology that lacks specific suggestions for steps 
that organizational decision-makers can take. We need 
formalized research agendas in many areas, including 
education, health, creative expression, and governance. 

Generating and analyzing informative and coherent 
evidence to address concrete questions stemming 
from public commentators’ observations and 
concerns remains a task for scientists to address. 
Researchers have begun to ask relevant questions, 
such as whether we should include AI applications 
in organizational charts (Burton et al., 2024), how 
generative AI applications can enhance organizational 
efficiency (Obrenovic et al. 2025), and the extent to 
which AI applications can improve patient outcomes 
in health care (Gala et al., 2024). We need empirical 
evidence comparing different technologies and 
approaches and assessing both intended effects 
and unintended consequences. By presenting both 
substantive findings and methodological lessons 
learned here, we illustrate how human and AI-
enabled processes together can inform agenda-setting 
in emerging areas of inquiry, and we spotlight key 
questions we should be asking about roles for humans 
amidst societal changes involving AI. Research to 
generate such evidence will require we continue to 

articulate and assess answerable questions about 
technologies that are not yet altogether here and 
human capacities and preferences, which also can 
change over time. 

How to Build a Research Agenda Collaboratively

Efforts to address possibilities for human interaction 
with AI applications can benefit from multiparty 
collaboration, particularly when researchers seek to 
establish shared lines of inquiry. Such collaboration 
offers promising diversity and greater volume of 
ideas but also introduces challenges. Collaboration is 
not always necessary for adequate task completion, 
as individual researchers or organizations can 
make substantial progress on their own in many 
instances. Collaboration also can offer an illusion of 
progress if not aligned with organizational goals and 
well-organized (Antikainen et al., 2010; Gardner, 
2005; Schmutz et al., 2024). Agreement regarding 
participant motives and goals can help sustain 
collaborative efforts beyond a meeting or two, 
ensuring momentum after initial meetings and setting 
groundwork for concrete outcomes. Additionally, an 
important aspect of team collaboration performance 
is the interdependence of tasks and the group’s sense 
of distinctiveness and shared identity (Gundlach 
et al., 2006). Seeking such group identity among 
researchers and practitioners can encourage 
continued efforts to answer questions that matter by 
facilitating forums for discussion and inquiry. 

We convened relevant professionals to generate and 
refine questions about human interactions with 
AI tools and to discuss research needs associated 
with developments in education and workforce 
training, health care, creative expression professions, 
and governance. In analyzing the results of the 
collaborative discussions that ensued, we also 
explored ways groups of people can work together to 
use AI tools to make sense of human brainstorming 
inputs. In other words, we were able to assess some 
approaches to generating and developing questions 
about human interaction with AI. What we report 
here is both a summary of those efforts and 
reflections on implications for future research. 

https://doi.org/10.3768/rtipress.2026.op.0100.2603
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An Agenda-Setting Convening to Ask Questions 
about Human Interaction with AI

We designed and implemented a network-building 
and agenda-generating effort in fall 2025. In 
September 2025, approximately 450 researchers, 
practitioners, AI industry experts, leaders from eight 
universities in North Carolina (Duke University, 
Elon University, Fayetteville State University, North 
Carolina A&T State University, North Carolina 
Central University, North Carolina State University, 
the University of North Carolina at Chapel Hill, and 
the University of North Carolina at Greensboro), 
the National Humanities Center, and a variety 
of professional organizations participated either 
online or in-person at a summit organized by RTI 
International and Elon University. In the afternoon, 
we invited the 178 in-person attendees to participate 
in one of 23 in-person discussion groups, each 
moderated by a facilitator with social science research 
experience and group interviewing skills. Each group 
primarily had an opportunity to focus on one of four 
topic areas: education, workforce, and labor; human 
agency and creativity; mental and physical health 
and well-being; and governance and democracy. 
Participants indicated the topic they hoped to discuss 
before the convening, and all participants joined a 
discussion in which they had expressed interest.

Participants discussed “the most important questions 
we should be asking and addressing about the role of 
humans in this subject area as AI systems continue to 
evolve,” guided by moderators who used a discussion 
guide developed by conference organizers in advance. 
Moderators also invited participants to discuss who 
is well-positioned to examine these questions and 
what resources are needed to pursue answers to key 
questions. Groups submitted answers using a shared 
electronic form that recorded text responses in fields 
in an Excel file. At the day-long event, organizers 
used AI tools in combination with human discussion 
(as described in a later section of this article) to 
generate an initial summary of ideas, which was 
shared with the entire group of in-person attendees 
within an hour of completion of the discussions. 
After the event, organizers invited all participants to 

consider joining one of multiple teams of analysts 
to use tools and group discussion to summarize key 
questions from the convening. What follows is a 
description of the analysis efforts conducted by four 
analysis teams. Reflections from each team on the 
process of distilling insights using various approaches 
also appear in Appendix B.  

Results from Four Approaches to Synthesis

Four human teams comprising participants from 
the convening used different tools and processes 
to generate final sets of research questions based 
on convening input. All four teams had access to 
the same file, which contained text inputs from 
the 23 groups. We present the final set of questions 
from each of the four analysis teams after a brief 
description of each unique analytic approach. Table 1 
summarizes different analytic approaches. Additional 
details on analysis differences and team observations 
appear in Appendix B. 

1. Rapid Processing and Follow-up Using 
SurveySynth and RTI GPT (Jim Redden, Evan 
Bunnage, and Jessica Reif )

Brief Description of Analysis Approach

The team used a combination of human judgment 
and AI tools developed for internal use at RTI to 
synthesize rapidly, giving an initial presentation 
back to participants within an hour of the discussion 
exercise concluding. The approach used parallel 
processing with multiple validation checkpoints. 
When group discussions concluded on the day of the 
event, three team members downloaded submitted 
data and simultaneously initiated three distinct work 
streams. One researcher employed SurveySynth, an 
RTI-developed AI tool designed to qualitatively code 
and synthesize free-text survey responses. A second 
researcher used RTI GPT, the organization's internal 
large language model (LLM) tool based on OpenAI’s 
GPT-4o and GPT-4o mini, applying a detailed prompt 
to synthesize the breakout responses. In parallel, a 
third researcher conducted a complete human review 
of the entire group input dataset, reading through all 
submitted responses without AI assistance.
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Identified Questions: Education, Workforce, and 
Labor

• What foundational and advanced human 
skills—such as soft skills, critical thinking, and 
creativity—should educators and employers 
prioritize to ensure humans thrive alongside AI in 
the future workforce?

• How can AI-enabled personalization in education 
and workforce systems balance innovation and 
fairness to ensure equitable access and avoid 
exacerbating societal inequalities?

• What ethical frameworks, regulatory structures, and 
institutional collaborations are essential to ensure 
responsible, transparent, and inclusive adoption of 
AI across education and workforce sectors?

Identified Questions: Mental and Physical Health 
and Well-Being

• How can we develop AI tools in health care 
that prioritize transparency, accountability, and 
trustworthiness while ensuring equitable access for 
underserved populations?

• What strategies and partnerships are required 
to train health care professionals, patients, and 
communities in responsible and effective AI 
integration, fostering collaboration across diverse 
expertise and perspectives?

• How can AI systems balance efficiency and 
human-centric care outcomes while minimizing 
environmental costs and resisting profit-driven 
incentives in health care innovation?

Identified Questions: Human Agency and 
Creativity

• How can we preserve human agency and ensure 
equitable representation in creative and knowledge 
fields as AI becomes an active collaborator in 
cultural and creative pursuits?

• What policies and frameworks are necessary 
to address intellectual property in AI-human 
collaborations, protect human creativity, and 
prevent cultural commodification?

• How do we redefine the relationship between 
productivity and creativity in a society increasingly 
shaped by AI, while mitigating environmental and 
societal harms?

Identified Questions: Governance and Democracy

• What regulatory frameworks at local, national, 
and global levels can balance the need for AI 
transparency and accountability with fostering 
innovation across diverse sectors?

Table 1. Summary of Analysis Approaches

Team Key Analysis Attributes

Redden, 
Bunnage, & Reif

Team provided initial, rapid report on day of the event. Three researchers each used one of three approaches: (1) used 
RTI’s SurveySynth to code and synthesize free-text survey responses, (2) used RTI GPT, a tool based on OpenAI’s GPT-
4o and GPT-4o mini, to synthesize responses, or (3) conducted human review, reading responses quickly without AI 
assistance. The team compared results and met to refine results further after the day of the event.

Gallardo-
Williams, Chew, 
& Levy

The team worked together first to develop a criteria rubric grounded in established research design principles and then 
instructed GPT-5 (model alias:gpt-5-2025-08-07) to score each research question submitted by using the rubric.

Strobl, Griffiths, 
Page, & Hickman

Team together prompted ChatGPT Plus 5.0 for summary results and then assessed results using virtual meetings to 
facilitate collaborative results review by team members.

Kipkemboi, 
Accarrino, 
DeBree, & Monk

Each team member separately used Python scripts, Claude 3.5 Sonnet, Microsoft Copilot, or a combination of these to 
analyze one of the topical themes, personally judging data filtering and extraction results from an AI tool to then refine 
results for group discussion and summary.
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• How can affected communities, civil society 
organizations, and governing bodies meaningfully 
participate in AI-related governance processes 
to ensure equity, oversight, and ethical decision-
making?

• What strategies can promote civic knowledge, 
media literacy, and democratic engagement in 
the age of increasingly fragmented, AI-influenced 
information landscapes?

2. A Rubric Approach Using GPT-5 Emphasizing 
Theme Frequency (Maria Gallardo-Williams, Rob 
Chew, and Ray Levy)

Brief Description of Analysis Approach

The team’s approach involved developing a 
rubric grounded in established research design 
principles and then instructing GPT-5 (model 
alias:gpt-5-2025-08-07) to score each research 
question generated during the workshop using 
this rubric. The rubric or framework draws from 
leading methodological sources, including Creswell 
and Creswell (2018), Booth et al. (2016), and the 
FINER (Cummings, Browner, & Hulley, 2013) and 
SMART (Adeoye and Adong, 2023) evaluation 
models. These foundations emphasize that a 
high-quality research question should be clear, 
researchable, significant, complex, and feasible while 
maintaining ethical integrity. The team’s evaluation 
system operationalized these qualities into seven 
measurable criteria: (1) clarity and focus, (2) ability 
to be researched, (3) significance and relevance, (4) 
theoretical or practical contribution, (5) complexity 
and depth, (6) feasibility and scope, and (7) ethical 
soundness. The team used the LLM to score the 
questions from the workshop discussions on a 1 
to 5 scale for each criterion, and the two highest-
scoring questions per topic were selected to represent 
each domain. Human analysts were responsible for 
developing the rubric and prompts, and the LLM 
collated, scored, and evaluated the research questions.

A distinctive feature of the team’s approach is the 
inclusion of a frequency dimension as a proxy 
for expressed participant interest and perceived 
importance. Because workshop participants often 

generated overlapping or near-duplicate questions, 
frequency counts captured how often similar ideas 
emerged across breakout groups. The team also 
used frequency as a tiebreaker consideration when 
multiple questions received identical high scores.

Identified Questions: Education, Workforce, and 
Labor

• When and how should humans remain “in the 
loop” to detect and correct AI errors in education 
and work?

• What strategies ensure equity, infrastructure, 
and access for all communities in AI-enabled 
education?

Identified Questions: Mental and Physical Health 
and Well-Being

• What AI prompt best practices are most impactful 
for reducing bias in health research?

• How can we ensure data protection and privacy and 
assess the trustworthiness of AI systems?

Identified Questions: Human Agency and 
Creativity

• How do we avoid deepening inequalities caused by 
AI?

• Who holds creative license or intellectual property 
rights over AI-generated work—the AI, the 
prompter, or others?

Identified Questions: Governance and Democracy

• How do we ensure that automated decision-making 
is fair, equitable, and just and that it advances 
human flourishing?

• How do we implement AI governance that ensures 
a human-centered, ethical focus at every stage—
idea, design, development, and deployment?
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3. Iterative Development of Theses and Questions 
Aided by ChatGPT Summary (Matthew Strobl, 
Heather Griffiths, Rachel Page, and Haley Hickman) 

Brief Description of Analysis Approach

To analyze the group input data, the team used 
ChatGPT Plus 5.0 in conjunction with Google Meet 
to facilitate collaborative discussion and review 
among team members. Human analysts played 
an active role throughout the process, guiding 
the prompts, refining inputs, and interpreting the 
outputs. The team instructed the tool not to offer 
praise for our work in a subsequent prompt to test 
tone and framing. When ChatGPT’s responses stalled 
or failed to complete, the team removed or simplified 
the more-complex requests to maintain progress. 
At times, when the tool prompted for a response to 
continue or update its analysis, they intentionally 
paused to refine instructions and approach. Human 
feedback occurred organically through team dialogue 
and is therefore difficult to fully capture. They also 
re-prompted ChatGPT to take on a skeptic’s role to 
challenge and assess its own outputs more critically. 
When this approach caused repeated stalling, they 
adjusted the prompt to position it as a neutral judge 
instead, offering more-detailed guidance on how to 
analyze the data. Ultimately, human analysts exercised 
judgment at each stage to determine which iterations 
produced the most-accurate, most-balanced, and 
most-insightful analysis.

Identified Theses and Questions: Education, 
Workforce, and Labor

Thesis 1: The degree of alignment between 
educational curricula and employer-defined AI 
competencies predicts the distribution of re-skilling 
opportunities.

• Relevant questions: How closely do education and 
training programs map to employer-identified 
AI skill needs? What groups or regions show 
the largest gaps between available training and 
workforce demand? What mechanisms (curriculum 
audits, employer feedback loops) improve skill 
alignment?

Thesis 2: The presence of structured partnerships 
among education systems, employers, and public 
agencies influences implementation of AI-related 
training programs.

• Relevant questions: What forms of cross-sector 
partnerships are associated with faster adoption of 
AI training modules? How do funding, governance, 
or shared infrastructure arrangements affect 
implementation scope? What indicators show 
successful program uptake across sectors?

Identified Theses and Questions: Mental and 
Physical Health and Well-Being

Thesis 1: The adoption of AI-supported triage or 
scheduling tools in community health centers changes 
referral completion and care coordination patterns.

• Relevant questions: How do AI scheduling or triage 
tools affect patient referral completion rates and 
wait times? What differences appear between 
centers with and without AI-enabled coordination? 
How do staff workflows or communication 
practices change after implementation?

Thesis 2: Governance transparency in AI-driven 
health platforms affects data-sharing frequency 
between institutions.

• Relevant questions: Which governance practices 
(e.g., consent visibility, audit reporting) are 
linked to higher data-sharing frequency? How 
do institutions evaluate trade-offs between 
transparency, privacy, and efficiency? What 
evidence links governance changes to shifts in data 
exchange activity?

Identified Theses and Questions: Human Agency 
and Creativity

Thesis 1: The level of human review required in 
AI-assisted content production affects decision 
turnaround and attribution practices.

• Relevant questions: How does the number or type 
of human review steps correlate with output speed 
and approval rates? What documentation practices 
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assign authorship in AI-assisted outputs? How do 
patterns differ across organizational or sectoral 
contexts?

Thesis 2: Institutional rules defining AI authorship 
determine the approval chain and accountability 
structure in creative outputs.

• Relevant questions: What policies outline when 
AI-generated material requires human sign-off? 
How do institutions document accountability for 
AI-assisted decisions? What variations exist in 
governance across industries using AI in creative or 
analytical work?

Identified Theses and Questions: Governance and 
Democracy

Thesis 1: The proportion of civil society 
representation in AI oversight bodies correlates with 
the perceived fairness of governance outcomes.

• Relevant questions: What percentage of governance 
seats are occupied by civil society actors? How do 
participants assess fairness and responsiveness 
of oversight decisions? Which participatory 
mechanisms align with perceptions of procedural 
fairness?

Thesis 2: The communication framing of AI regulation 
affects citizen perceptions of institutional legitimacy.

• Identified questions: How do alternative framings 
(risk-based, rights-based, innovation-based) 
influence perceived legitimacy? What messaging 
strategies improve understanding of regulatory 
intent and accountability? How do demographic or 
ideological factors mediate public responses to AI 
policy communication?

4. Human-Guided Use of Python Scripts, Claude 
3.5 Sonnet, and Microsoft Copilot to Analyze Data 
Filtering and Extraction (Tony Kipkemboi, Jon 
Accarrino, Schuyler DeBree, and Selena Monk)

Brief Description of Analysis Approach

Each of four analysts took responsibility for one of the 
topical themes and selected a strategy for analysis. 

To analyze the data for the Education, Workforce, 
and Labor track, an analyst used Copilot and Excel 

in combination with a structured prompt-based 
approach, first uploading the breakout session notes 
captured in the Excel file into Copilot and asking for 
extraction and filtering of all responses tagged under 
the relevant topic area. Copilot helped identify and 
synthesize key themes across multiple discussion 
summaries when asked to generate research questions. 
The analyst then determined which insights were most 
representative of the group’s concerns.

To analyze the Mental and Physical Health and Well-
Being track, one analyst used a systematic iterative 
approach using Anthropic’s Claude, an AI assistant, 
combined with manual review of the data, first 
extracting all group responses from this topic area 
and asking Claude to identify recurring themes. The 
analyst iteratively refined analysis by asking follow-
up questions about specific tensions, such as, "How 
do the discussions characterize the tension between 
profit motivation and patient welfare?" 

To analyze the data for the Human Agency and 
Creativity track, one analyst combined Claude with 
Python-based data analysis, first uploading the Excel 
file containing breakout session notes and using 
Python scripts to filter and extract all four responses 
tagged under "Human agency and creativity." The 
analyst prompted Claude to conduct a comprehensive 
thematic analysis and then reviewed the thematic 
synthesis and made critical judgments about which 
themes were most prevalent and pressing across 
discussions. 

To analyze the Governance and Democracy 
track, one analyst used Claude (Anthropic, 2025) 
in combination with a structured comparative 
framework, isolating the group governance-
focused responses and prompting Claude to map 
the landscape of discussion, identify philosophical 
positions, and highlight tensions. The human analyst 
then assessed results and asked Claude to compare 
different governance philosophies evident in the 
discussions (e.g., "Should there be standards at all?" 
vs. calls for comprehensive regulation).
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Identified Questions: Education, Workforce, and 
Labor 

• How can education systems and workforce 
development programs evolve to prioritize and 
preserve uniquely human skills, such as critical 
thinking, empathy, adaptability, and creativity, in an 
AI-augmented world?

• What policies, partnerships, and infrastructures are 
needed to ensure equitable access to AI tools and 
education while preventing the deepening of digital 
divides and ensuring that all communities benefit 
from AI advancements?

Identified Questions: Mental and Physical Health 
and Well-Being

• How can health care systems design and implement 
AI tools that preserve clinician autonomy, critical 
thinking capacity, and patient-centered care while 
addressing the tension between profit-driven 
efficiency metrics and humanistic health outcomes, 
particularly in ensuring that underrepresented 
populations and low-resource contexts are 
meaningfully included in data, design, and 
deployment decisions?

• What regulatory frameworks, transparency 
standards, and collaborative governance structures 
are needed to ensure AI-augmented health 
care maintains privacy protections, addresses 
environmental costs, balances the promise of 
synthetic data with the need for prospectively 
collected real-world evidence, and establishes clear 
accountability when AI-driven decisions lead to 
patient harm?

Identified Questions: Human Agency and Creativity

• As AI systems become increasingly integrated into 
creative and knowledge work, what foundational 
human capabilities and "starter skills" must be 
preserved and cultivated to maintain meaningful 
agency over decision-making and creative 
processes, and how can we design human-AI 
partnerships that enhance rather than erode human 
cognitive autonomy and creative capacity?

• What governance frameworks, attribution systems, 
and equity-centered policies are necessary to 
prevent AI from exacerbating marginalization, 
commodifying culture, and concentrating creative 
agency in corporate entities, while ensuring that 
diverse communities maintain ownership, voice, 
and fair compensation in the development and 
outputs of AI-augmented creative work?

Identified Questions: Governance and Democracy

• What multilevel governance frameworks (local, 
national, international) are necessary to ensure 
that AI systems deployed in democratic societies 
maintain transparency, enable meaningful human 
oversight of automated decision-making, and 
build public trust while balancing the rapid 
pace of technological innovation with the need 
for enforceable standards that protect human 
rights and prevent the concentration of power in 
corporate entities?

• How can democratic societies cultivate widespread 
AI literacy and civic knowledge necessary for 
informed participation in AI governance, ensure 
that affected communities have meaningful 
voice in algorithmic decision-making that affects 
their lives, and preserve the capacity for critical 
engagement with information in an environment 
increasingly saturated with AI-generated content 
and misinformation?

Across all four topical areas, several cross-cutting 
themes emerged that reflect shared concerns 
about the future of human–AI interaction. 
Participants emphasized the need for transparency, 
equitable access, meaningful human oversight, 
and reliable governance structures, regardless of 
domain. Concerns related to infrastructure and 
the preservation of human agency also emerged. 
Highlighting these patterns helps place these 
domain-specific questions within a broader research 
landscape involving AI and demonstrates the 
contribution of coordinated inquiry.
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Conclusions

A collaborative effort to bring together experts, 
researchers, and practitioners to identify useful 
research questions about roles for humans working 
in various domains amidst AI systems generated 
a robust research agenda. Nearly 200 in-person 
participants working in 23 groups contributed sets 
of questions to guide future research focused on 
four different topical areas. Small teams of analysts 
then used a combination of human review and AI-
supported tools to organize and assess these inputs, 
identifying key questions to inform an agenda 
for future inquiry. That process yielded relevant 
questions that could offer a foundation for future 
studies and collaborative projects. 

Across teams, recurring dilemmas, opportunities, 
and questions emerged. These included questions 
involving comparisons and tradeoffs among 
different goals for AI use, variations in how people 
may experience or be affected by AI, and how to 
optimize human-AI interactions to accomplish 
tasks. At the same time, different analytic approaches 
also yielded a diverse array of potential questions 
reflecting a range of different evaluation criteria, 
such as the frequency with which ideas appeared 
across participant groups or the extent to which 
a topic lent itself to empirical evidence. Across 
methods, iterative review and human judgment at 
multiple stages demonstrated value, regardless of 
the specific tool employed, illustrating how human-
in-the-loop design can be useful. That observation 
has implications for how we could work optimally 
with AI tools. Explicitly designing and articulating 
decision-making processes and assigning humans to 
not only review output but also initiate and consider 
the questions that guide projects will be important. 
Planning workflow processes involves choices about 
how to involve humans. In this way, human actors 
can integrate AI tools into work while staying in 
command of key decision-making, as scholars have 
recently recommended (e.g., “Artificial Intelligence Is 
Not a Substitute,” 2025).

Organizations involved in education and labor, 
health care and well-being, creative expression, and 
governance may identify opportunities to generate 

evidence to address questions such as those posed 
here. Rather than solely relying on anecdotal 
observations about single user experiences with 
available tools, researchers and practitioners may 
better inform future decision-making about AI 
engagement by contributing to and learning from 
literature that addresses such problems. Learning 
networks of collaborators, including human teams 
using AI-assisted tools, could advance available 
literature but will do so most productively in carefully 
organized partnerships when party motives are clear 
and task goals are explicit. Without collaborative 
efforts to address key research questions about 
human interactions with AI, organizational missteps, 
inefficiencies, and ethically problematic consequences 
are possible. With collective efforts to address key 
questions, leaders of organizations employing humans 
should be able to make better choices about when and 
how to engage AI.  

Data Availability Statement

Data availability statement: De-identified data 
supporting the current study are available from the 
authors upon reasonable request.
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Appendix B. Process Descriptions and Reflections from Four Approaches to Synthesis

Rapid Processing and Follow-up Using SurveySynth 
and RTI GPT

Jim Redden, Evan Bunnage, Jessica Reif

As described in the main discussion, the team’s 
approach centered on parallel processing with 
multiple validation checkpoints (Figure B1). 

Reflections on the Process

The 30-minute time constraint fundamentally shaped 
our approach and its limitations. This severe time 
pressure necessitated human judgment calls that made 
the process less than fully replicable. We could not 
systematically document every decision point, curation 
choice, or selection criterion used to move from raw 
data to final output. Additionally, the probabilistic 
nature of large language models (LLMs) means that 

identical inputs can produce varying outputs, further 
complicating reproducibility. These factors underscore 
an important principle: AI synthesis approaches must 
be fit for purpose and adapted to specific constraints, 
objectives, and rigor requirements.

The team’s primary objective was to accomplish 
something genuinely impossible for humans 
alone within the timeframe: reading, digesting, 
synthesizing, and creating four production-ready 
presentation slides from 20 breakout groups in 30 
minutes. For rigorous, repeatable scientific qualitative 
analysis, this would not represent best practice. 

However, it proved highly effective for enabling 
real-time participant engagement with cross-group 
synthesis, something that added immediate value to 
the conference experience.
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One significant limitation emerged from the time 
constraint itself. Because we began processing at 
exactly 3:00 p.m. EST during the day of the event, 
three breakout groups that submitted their synthesis 
forms late were inadvertently excluded from our 
analysis. We did not notice the incomplete dataset at 
the time, which likely explains why some participants 
reported that the synthesis failed to capture their 
discussions. This experience highlights how real-
time analysis pressures can introduce systematic data 
collection errors that compromise output quality.

The most valuable insight from this exercise concerns 
the power of human-AI collaboration over full 
automation. Maintaining human involvement at 
multiple stages proved essential. The researcher who 
read the complete dataset could validate whether 
AI-generated themes accurately reflected the content. 
Human researchers could instruct the language 
model on formatting constraints and make nuanced 
judgments about which insights to prioritize when 
condensing five potential themes down to two or 
three for presentation. These curation decisions 
required contextual understanding and stakeholder 
awareness that current AI systems cannot replicate.

This case study demonstrates that AI tools can enable 
qualitative synthesis tasks that would otherwise be 

infeasible because of time or resource constraints. 
However, the appropriate use of AI for synthesis 
depends entirely on analytical objectives and quality 
requirements. For contexts requiring rigorous, 
systematic, and fully reproducible analysis, removing 
time constraints and developing more-structured 
protocols would be advisable. For contexts 
where rapid synthesis enables valuable real-time 
engagement and collaboration, as in our conference 
setting, a hybrid approach with strong human 
oversight and validation can deliver meaningful 
results. The key to success lies in designing 
approaches that strategically combine human and AI 
capabilities, leveraging each system's strengths while 
remaining clear-eyed about the limitations and 
tradeoffs inherent in the chosen methodology.

A Rubric Approach Using GPT-5 Emphasizing Theme 
Frequency 

Maria Gallardo-Williams, Rob Chew, and Ray Levy

The team’s approach to evaluating research questions 
involved developing a rubric grounded in established 
research design principles and then instructing GPT-
5 to score each research question generated during 
the workshop using this rubric, as described in the 
main discussion. Human analysts were responsible 

Figure B1. Overview of Plan for Same-Day Synthesis (results in approximately 30 minutes)

*Because three groups submitted after the deadline, the live analysis did not include the full set of breakout teams, which likely led to some of the in-room feedback on 
the outputs about incompleteness.
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for developing the rubric and prompts, and the LLM 
collated, scored, and evaluated the research questions. 
A distinctive feature of the approach is the inclusion 
of a frequency dimension as a proxy for participant 
interest and perceived importance.

Reflections on the Process

Overall, this structured approach provided a 
transparent, repeatable, and data-informed method 
for evaluating research questions that can be 
efficiently implemented within a workshop setting. 
Future iterations could benefit from a more-detailed 
codebook to contextualize each dimension and from 
human validation of the LLM’s scoring. Although 
principled, the method reflects a pragmatic bias 
toward utility and measurability, potentially reducing 
inquiry to what is easily operationalized and 
privileging questions that align with standard forms 
of evidence. Pairing this system with mechanisms that 
intentionally reward novelty and intellectual dissent 
could yield a richer and more diverse set of final 
research questions.

Iterative Development of Theses and Questions 
Aided by Chat GPT Summary 

Matthew Strobl, Heather Griffiths, Rachel Page, and 
Haley Hickman

As described in the main discussion, the team used 
ChatGPT Plus 5.0 in conjunction with Google Meet to 
facilitate collaborative discussion and review among 
team members. Human analysts played an active role 
throughout the process, guiding the prompts, refining 
inputs, and interpreting the outputs. 

Reflections on the Process

This exercise revealed several insights about how to 
optimize similar analytical processes in the future. 
One key challenge was the lack of consistency across 
notetakers and in the application of definitions, which 
made it more difficult to align findings and ensure 
comparability across analyses. Establishing shared 
frameworks and clearer documentation standards at 
the outset would help mitigate these inconsistencies. 
At the same time, the process demonstrated the 
importance of continuous integration of outputs, 
reminding us that, in many ways, “the process is 
the point.” The iterative exchange between human 

analysts and the tool added essential depth and 
adaptability, underscoring that human judgment and 
synthesis remain critical components of AI-assisted 
analysis. Finally, our approach reflected a balance 
between inductive and deductive reasoning. First, 
we provided broad instructions. Upon reviewing 
the research questions that ChatGPT generated, 
we repeatedly refined our requests, which led 
to ChatGPT stalling. When our prompts caused 
ChatGPT to stop responding, we rephrased slightly 
and continued along a different angle. Second, upon 
successfully producing usable output, we provided 
triangulating guidance, switching from a deductive 
approach to a more inductive approach. For example, 
in one sequence, we requested output in the form of 
thesis statements. When we were satisfied with the 
thesis statements, we directed ChatGPT to produce 
specific, actionable research questions that could 
resolve the thesis statements, producing research 
questions that improved upon the earlier iteration. 

This progression suggests that flexibility and 
reflection are vital for producing thoughtful, credible 
results in such exercises. It also suggests that blunt 
force questioning produces inferior results relative to 
our later technique.

Human-Guided Use of Python Scripts, Claude 3.5 
Sonnet, and Microsoft Copilot to Analyze Data 
Filtering and Extraction

Tony Kipkemboi, Jon Accarrino, Schuyler DeBree, and 
Selena Monk

Four team members used distinct processes for 
assessment, as described in the main discussion. 
Analysts used Python, Claude, Microsoft Copilot, or a 
combination of these, with prompts such as, "Analyze 
these Human Agency and Creativity responses and 
identify the major themes, key tensions, stakeholder 
perspectives, and resource needs across all four 
discussion groups." This iterative and collaborative 
process balancing human insight and AI assistance 
allowed for both speed and depth in analysis.

Reflections on the Process

For one analyst, the process highlighted the critical 
importance of transparency and human judgment 
in AI-assisted qualitative analysis. Unlike closed 
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systems, using Claude with explicit Python scripts 
allowed them to see exactly how data was filtered 
and extracted, which built trust in the analytical 
process. The AI excelled at identifying patterns and 
synthesizing themes across multiple texts, a task 
that would have been time-consuming manually, 
but the quality of output depended heavily on 
the analyst’s ability to craft effective prompts and 
critically evaluate results. They found that breaking 
the analysis into stages (extraction, thematic coding, 
synthesis, question formulation) prevented the AI 
from imposing predetermined frameworks and 
allowed emergent themes to surface authentically 
from the data. A key insight is that AI tools are most 
valuable when they make the analytical process 
more transparent rather than more opaque. The 
collaborative approach, where AI handles pattern 
recognition and the human analyst provides 
domain expertise, contextual interpretation, and 
final judgment, produced richer results than either 
human-only or AI-only analysis would have achieved. 
For future exercises, the analyst recommends that 
participants be trained not just in using AI tools, but 
in the critical thinking skills needed to effectively 
prompt, evaluate, and refine AI outputs, ensuring that 
technology augments rather than replaces human 
insight in research synthesis.

For another analyst, the experience using Copilot 
in Excel highlighted how AI can be a powerful tool 
in collaborative analysis when integrated into a 
familiar workflow and tailored to the user (Microsoft, 
2025). One analyst has used Copilot extensively and 
noted that Copilot has adapted to their style and 
communication preferences, allowing it to generate 
outputs that reflect their voice and thinking process. 
This process made the work efficient and authentic, 
enabling the analyst to focus on higher-order 
judgment and interpretation rather than manual 
sorting or summarizing. In contrast, tools used by 
other teams, such as the RTI-adapted tool described 
elsewhere that had not yet been optimized for use 
by this analyst at the time of their work, appeared 
to produce outputs that missed key themes deemed 
important by this team and results that required 
significant reworking, which added to the workload  
and raised important questions about AI-assisted 
analysis. This comparison suggested that AI tools 

are most effective when they are embedded in our 
workflow, learn from iterative use, and support, not 
replace, the human insight. It also suggests that for 
future exercises, we should prioritize tools that allow 
for customization, transparency, and collaboration, 
rather than one-size-fits-all automation. 

Large Language Models Used in Analysis
Anthropic. (2025). Claude 3.5 Sonnet.  

https://www.anthropic.com/claude

Microsoft. (2025). Copilot (GPT-5).  
https://copilot.microsoft.com/

OpenAI. (2025). GPT-4o. https://platform.openai.com/
docs/models/gpt-4o

OpenAI. (2025). GPT-4o mini. https://platform.openai.
com/docs/models/gpt-4o-mini

https://claude.com/product/overview
https://copilot.microsoft.com/
https://developers.openai.com/api/docs/models/gpt-4o
https://developers.openai.com/api/docs/models/gpt-4o
https://developers.openai.com/api/docs/models/gpt-4o-mini
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